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Selected Topic: 1 Previous Topic  Next Topic  Clear Topic

Intertopic Distance Map (via multidimensional scaling)

PC2

PCi 2

LDAvis (Topic 1)

Slide to adjust relevance metric:#2
A=0.03 00 02 04 08 08

Top-30 Most Relevant Terms for Topic 1 (22.8% of tokens)

otuot I

Overall term frequency
I Estimated term frequency within the selected topic

1.0

1. saliency({torm w) = frequency{w) * [sum_t pit | w) * logip(t | wiip{1})] for topics t; see Chuang . al (2012)

2. relovance(ierm w | topic 1) = A " p{w | ) + (1 - A) " piw | tVp{w); see Sievert & Shirley (2014)
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LDAvis (Topic 2)
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Intertopic Distance Map (via multidimensional scaling) Top-30 Most Relevant Terms for Topic 2 (26% of tokens)
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I Estmated term frequency within the selected topic

5% 1. saklency(term w) = frequency(w) * [sum_t p(t | w) * log(p(t | w¥p{1)] for topics t; see Chuang et. al (2012)
2. relevance(term w 1 topic ) = A * piw | ) + (1 - A) * p(w | Vp(w); see Sievert & Shiriey (2014)
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[ Estimated torm frequency within the selected 1opic

1. sallency(lorm w) = frequency(w) * [sum_t p(t | w) * log(p(t | wip(t)] for topics ; see Chuang et. al (2012)
2. rolevance(ierm w | 10pic 1) = A" p(w 1 1) + (1 - A) " p(w I (¥p(w); see Siever: & Shirley (2014)
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1. sallency(term w) = frequency(w) * [sum_t p(t | w) * log(p(t | w)p(t)] for topics t; see Chuang et. al (2012)
2. rolovance(torm w I topic ) = A * pw 1 ) + (1 - ) * p(w | t¥p(w); s0e Sievert & Shirioy (2014)
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Selected Topic: 5 Previous Topic  Next Topic  Clear Topic

Intertopic Distance Map (via multidimensional
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Top-30 Most Relevant Terms for Topic 5 (21.3% of tokens)
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1. saliency(term w) = frequency(w) * [sum_t p(t | w) * log(p(t | w)/p(1))] for topics t; see Chuang et. al (2012)
2. relevance(term w1 topic t) = A * piw | t) + (1 - A) * p{w | 1¥p(w); see Sievert & Shirlay (2014)
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Text Mining Process List

OII

Pre-processing(2) E=

88 i LDA Modeling(2)
88 i LDAvis(2)
8 o= Keyword Analysis(2)
98 M= Association Analysis(2)
9 o= Network Analysis(2)
108 Trend Comparative
Analysis
11 AAE B2 2 FAHEHA
128 2= A= =8 =

wAI|A M, BEE EE H0|AS,
EQH, £, RRE
S8A 2I|Lel 0

ol £ AN

Poria
News

- XRARY
431X DB 242

catrs TR ]

HEEEHQ

=

18



1p

jol

T 7120 LR HEE ALl HTHH HS

8¢

3|
=)

o

BIZEOF HAE TH0|' £A17|HH BUE o] 7|E 7Y

il

==

7|HE XHES2E NS

2 0=

- x5
T

£ 719C 2lo|E2{a] 1= AMM X

| eloat=2

ol

xr
IH
10

A

ato|

|
<l

ol
__OL

b El

%F

A7

- 2 0N BEBHS B 7IUS A HIEF T

4o

00
__O__.___

19



xr
]
100
Ho —_ Ou_
- I <+
Bl o0 M-
X -
& Bl 44
0 [[e]
=) (=3 8o
oju % o
10 r i
= 4 o
w| ol Mm
I ujo <
;g @
A
N o[ I[e}
ol ar Ho
S| ufl ol
= ol xr
[ iy IH
Ho O T
pir o3 KIr
plil Rl 4 =
ol Klo
a oo of
JI = S ar <k
2 al &= Ay
8l = olo Bo 3l
oH AU ny =
&l S o o
4 I °co 4
- ol Kl S o
1of =) Roop A 8o
=] 0{0 o] T o
s < = o o
i S
N o 040 T+ &
=) R < Bl
[} - mjn ”J_.uo oH
] o ol R0
MW= <l ®O T oo
< T o =
oy < T T o
< oF o = o ol
IH g N 00 Gio
00 r < S ol fofl
Aw =l o = o o
I T o 1 X ©o
ol ™ = mﬁ_ ) T
= o O zn Ul &r
o N T & o
RO T ol v w Rz B
od od _.._Io or i+ o 10
B Rr = o 81 Kl on
) o = RO~ K
F X v o=
[ ) (] [ ]

20




© BAYMLOK| MBS 2t ZAHIA ZUAE M) E8 It
- I BR0F ARSI ASIN TS HTEAS ATES 3712 $2X10| HSE Trfot0] HA g

- O

1) =Y0A| 05, YEHEF FUX|S JhM H SEE /WM HHIHL

-

7|Ch




Thank you.



