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HAIDIIX
B http://egis.me.go.kr/
47K =S¢t http://evis kei.re.kr

http://www.kosis.kr/

=28 http://water.nier.go.kr/
SIEAEA http://stat.me.go.kr/
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E QXS https://sgis.nier.go.kr/newsgis
olst=AH|=2F DB http://ncis.nier.go.kr/

7| E = http://www.airkorea.or.kr/
A~ http://www.waternow.go.kr/
AZHE http://www.noiseinfo.or.kr/
7|2 83} AlL}2| 2 http://sts.kma.go.kr/
otz A Bt At =2t H A| A Hl https://www.recycling-info.or.kr/rrs/main.do
Ifgletlc =/ S HII=3EA https://www.konetic.or.kr
A

SATIASSIHEME https://www.gir.go.kr

i'—lrir;z =7t SA SEEE www.kesis.net
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Amazon Web Service (AWS) Tensorflow on AWS

. ubuntu@ip-172-31-17-98 () - byobu 186x47

Validation error: 0.9%
Step 5560 (epoch 6.48), 21.0 ms
Minibatch loss: 1.962, learning rate: 6.007351
Minibatch error: 1.6%

a0 e Y Ve Y 1 e Validation error: .9%
Step 5600 (epoch 6.52), 21.0 ms
Minibatch loss: 1.930, learning rate: 6.007351
Minibatch error: 6.6%
Validation error: 0.8%
Step 5766 (epoch 6.63), 21.0 ms
Minibatch loss: 1.913, learning rate: 6.607351 ]
Minibatch error: 0.6% .6 0:18.69 python convolutional.py
Validation error: 6.9% 0:18.63 python convolutional.py
Step 5806 (epoch 6.75), 21.1 ms 0:18.53 python convolutional.py
Minibatch loss: 1.897, learning rate: 6.067351 0:18.81 python convolutional.py
Minibatch error: 0.6% 0:18.53 python convolutional.py
Validation error: 6.9% .6 0:18.03 python convolutional.py
“XStep 5900 (epoch 6.87), 21.6 ms .2 4.6 0:18.39 python convolutional.py
Minibatch loss: 1.886, learning rate: 6.067351 B 0:18.08 python convolutional.py
[Minibatch error: 0.6% 0:06.40 python convolutional.py
Validation error: 8.9% 0:03.91 python convolutional.py

H?)

Step 6006 (epoch 6.98), 21.0 ms 1.56 python convolutional.py

Minibatch loss: 1.888, learning rate: 6.007351 .7 0.0 0:00.81 tmux -2 -f /usr/share/byobu/pr

Minibatch error: 6.6% 1 .7 0.6 0:00.34 nvidia-smi daemon
Validation error: 1.8% .0 0.6 0:00.85 htop

Step 6106 (epoch 7.10), 21.0 ms 5 .0 0.0 0:61.20 nvidia-smi daemon
Minibatch loss: 1.858, learning rate: 6.006983 . .0 0:00.36 nvidia-smi daemon
[Minibatch error: 0.6% 12797 ubuntu .0 4.6 0:00.08 python convolutional.py
Validation error: 6.9% 11458 ubuntu .0 0.6 0:00.11 watch --color -nl.6 gpustat -c
Step 6200 (epoch 7.21), 21.0 ms 12843 ubuntu 5 .6 0:00.74 python convolutional.py
Minibatch loss: 1.844, learning rate: 6.006983

Minibatch error: 6.6%

Validation error: 6.9% Every 1.0s: gpustat -cp

Step 6366 (epoch 7.33), 21.0 ms

Minibatch loss: 1.836, learning rate: 6.006983 ip-172-31-17-98 Fri Jun 17 20

[Minibatch error: 0.6% | , 98% |

Validation error: 0.8%

Step 6466 (epoch 7.45), 21.0 ms

Minibatch loss: 1.886, learning rate: 6.006983

Minibatch error: 3.1%

Validation error: 6.9%

Step 6560 (epoch 7.56), 21.0 ms

Minibatch loss: 1.869, learning rate: 6.006983

Minibatch error: 6.6%

Validation error: 0.9%

o 71 [ Ase.02 8 B% 2016-06-17 20:54:25



https://aws.amazon.com/ko/free/?sc_channel=PS&sc_campaign=acquisition_KR&sc_publisher=google&sc_medium=english_cloud_computing_b&sc_content=aws_url_e&sc_detail=amazon. web services&sc_category=cloud_computing&sc_segment=177211386201&sc_matchtype=e&sc_country=KR&s_kwcid=AL!4422!3!177211386201!e!!g!!amazon. web services&ef_id=WMlNDAAAAOTGrWKe:20170315141748:s
http://ramhiser.com/2016/01/05/installing-tensorflow-on-an-aws-ec2-instance-with-gpu-support/
http://ramhiser.com/2016/01/05/installing-tensorflow-on-an-aws-ec2-instance-with-gpu-support/
http://ramhiser.com/2016/01/05/installing-tensorflow-on-an-aws-ec2-instance-with-gpu-support/
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Association Analysis : 1993-2016 AFE 7| =l M

-_“—“m confidence | __lift____

B .- e 0.006 129429
sl 2o => Ab 0.006 0.714 129.429
_ MEX => A|AE 0.009 1 24.322
— A| A => MEX Y 0.009 0.208 24.322
n XA == Z=0 0.009 0.941 66.879
_ == => K| A 0.009 0.627 66.879
H| & => foXe: K] 0.006 0.742 68.943
_ foge:K=T => H| & 0.006 0.59 68.943
_ x| KFH| => 7|z Hg} 0.006 0.606 5.985

S} => X| XA 0.006 0.054 5.985

22



Network Analysis: 1993-2016 AR 7|2l A
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« RNN(Recursive Neural Network): time dependency 7 Q= At59| 2A0| Z4™HO0

Deep Learning 2=
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RNN 0| Ol ChEAIZT)
(feed forward network)
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OJMHXA & T8 201 o<}
s J|A gt s 28 QluEtA mef fEHES| St ME TS EM
« H= MEHEH(Variable selection), Decision Tree, Random forest & CIFst Ol
YHE 28

H== MERE: Ridge Regression, Lasso Regression & Z|& Q| H Ol
OI'(OverﬁtUng)o HI‘Xl"’|—h |:||'|:HE I‘|_9_

Decision Tree: 29| AutE 0|5g = U= £
Random Forest: Decision Tree 23 9] @Iéﬁﬂ.%
+

« Ctz=9| Decision Tree 29| ensemble 2t + ZF TreeQ| YA X| 4 22Q19| 1t
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World
Sitemap

XX ghM 2101 NOx, SOx S
M 2H 2101 VOCs, 03, NH3,
7|2, 7|, ZE HE S
A el |—TL“'5 7} A
7| 7|9 Hi=
S 55 0MEHX 55, & |-tIEU<k|31<DEI
b HsE EHEME BB

http://sts.kma.go.kr/jsp/home/contents
/main/main.do

https://data.kma.go.kr/cmmn/main.do
http://www.airkorea.or.kr/index
http://kosis.kr/
https://egis.me.go.kr/main.do

Air Quality Index http://agicn.org/map/china/kr/
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HpMENR - H=0] =0 penalty &0

 Ridge Regreesion, Lasso Regression: = EH 42| Norm 0
H9EIE Bl8t= st2 2 |:||_9_o|-_/|\_0-” iok

— O 1=
 Rigde Regression 2 L2 norm, Lasso Regression= L1 norm=Z AtE

2
1 2 £
Ridge: H};m E (}’fﬁj E rﬁj.?iffj> + A ZJGJZ
i=1 j:l j:l

2
7 4 £
Lasso: Hlf}llz (}’fﬁj Zﬁjx;‘j> + A Z|Bj|
=1 j=1 7=1
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Random Forest : Decision Tree ensemble

e Decision TreeQ| 0|== |0

X ([nput]

-4

) - o » Decision Treee= 1tX gt
(Overfitting)0f| [+E O| == X5}
=M o =<

« =59| Treeg 0| &
'
. 2t7ko| Tree LYO| A Bl MEA
~ EEE RN EEETTEL
Y
k (Output) ° E% Treeg_l _;ISIC;l 7E:|J__|_|-% _765_(;5:!'
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« Xt2 =% M8 S/W ELK (ElasticSearch + LogStasch + Kibana) =&

« Rvest, Reurl ( R), BeatifulSoap (phython) & & AAE2 AIE HEHE AS = /Y= package A

o) 7S HE SR ANAT|SE) : XS
» S5 HIOIE] Atef| 17: 2A[Zh 7|5 update Xt=

e 0)) sAU7|AMAEEA|AH (22 AHNSER]): OPEN API
. 27 PHE 7|HF A MH|A |O|E 17 : Web DB HE|

. 0f) DIZEAH|A(ZIHE CHED JSON, HTML, XML
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Installin...
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Xl= §0|E ®2017 Google, SK telecom 1 2 kM lemeed 0} 2224

<!DOCTYPE html>

4 <html>
b <head>.</head>
4 <body “page-search dabang">

<script>window.fbAsyncInit = function(.</script>

<script src="//developers.kakao.com/sdk/js/kakao.min.js"></script>
<scriptyKakao. init( ' fb6641F842bc3cd549.</scripty

<div class="Header">..</div>

<div class="container">.<{/div>

<div id="modal"></div>

<div id="alert"></div>

<scriptsvar dabangConfig = {"imgUrl":".</scripts
<script src="//res.dabangapp.com/SdeldbBc3bdlFfe5fa7383a7bfeelbeb/js web. js" type="text/javascript™s</scripts
<script src="//cdnjs.cloudflare.com/ajax/1ibs/jquery-ajaxtransport-xdomainrequest/1.8.3/jquery.xdomainrequest.min.js" ty
<script src="/8deldbdc3bd1ffeSfa7383a7bfeebeb/ respond/respond. proxy.js” typ
<script>dabang.web.search();;</script>
<!-- Google Code for DB&#49688;8451665;&%¥50756;8#47308; Conversion Page In your html page, add the snippet and call goog_report_conversion when someone clicks on the chosen link or button.
--»
b <script t "text/javascript”>/* <![CDATA[ */ goog snippet_..</script>

<script src="//www.googleadservices. com/pagead/conversion_async.js" type="text/javascript"»</script>

<!-- Google Code for &#51284;&#52484 ;&#48169;8#47928;8#51888; -->
- Remarketing tags may not be associated with personally identifiable information or placed on pages related to sensitive categories.

"text/javascript"></script>

text/javascript"></scripts

For instructions on adding this tag and more informa

tion on the above requirements, read the setup guide: google.com/ads/remarketingsetup --> v
b tscrint +ur

body.page-search

"tevtidavascrint®y /% ITMDATAT #/ var onnele ron ¢/scrints

script

html

2O|0p=: O aE HE WS

4 button, html, input, select, table, textarea { web,
& font-family: "Manum Gothic","Malgun Gothic® "E-2" Dotum Helvetica,"Apple SD Gothic Neo® Sans-
serif;
: 13px;

m
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Team Seminar Plan

.10 : FZEHBED FH|)-
11"
i. 75(11.6-11.10): 2| 5-Z-MOF -

o1zt 7

2007 38 32 32Y -

Jio

<+

_‘P_jj 8:55 » ii. 4 35(11.20-11.24): 2 K| 6-Z < 2/(RNN) -

k.12 9 -

1. EX“:Bigdatateam 2017 ¥ & Rl Zt2| /ldea H-S/Brain Storming »
o s i 225(12.11-12.15): QELZFA} (OFX| T -

5]
2. 2UH™ .
a 29
i 2/9 QA HiALGIS A7 -
iil. 2/23 B EF EfAL HZEE  Cohort AtE2 A7Y -
2.38
a. 3/9 0|43 HtAL Qa3 X|s5 A7 -
b. 3.27-3.31: Machine Learning Platform H|il 241 .
3.48l.
a. 2 3(4.10-4.14): Proposal Seminar 1-Z Ty, ZHHOL, A E A
b. 4 3=(4.24-4.28): Proposal Seminar 2- Ztd 2, o= 7%l -
4. 5€-
a. Z=(5.8-5.12): Brain Storming 1: Tl -
i Bigdata 2 KEIO|lM & £ QUe & -
Bigdata & L}~

b. 4 3=(5.22-5.26): Progress Report- X & -
5.6 %
a. 2 3(6.12-6.16): 2| 1- ZFJRI(CNN) -
b. 4 3=(6.26-6.30): Progress Report- & &l - ]
6.7 B
a. 2 F(7.10-7.14): WA 2- UXH -
Lé:. 4 35(7.24-7.28): Progress Report- &l » ]
7.8 E

a. 23(8.7-8.11): WA 3- SH2Fl
! b. 4 35(8.21-8.25): Progress Report- T &l - ]
8 Kl

a. 2 3=(9.11-15): Brain Storming 2 -
i. Bigdata 2 KEIO|A & %= QUes Y -
ii. Bigdata = U7t 5} Al ¥ .

b. 435(9.25-9.29): LH| 4-Z =N -
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Team Study Plan

Study plan revision+ i. F (4.17-2.23) g RAES -
2017 3 38 2Y 2E9Y. 1. 6% ZUYEM MHAY(CNN) -
2% 3:34 > c. 5 2l: Coursera Machine Learning -
« i. 1 $=(5.1-5.5): Coursera Machine Learning - Regression -
1. 2% 1. Week1: Intreduction -

2. Week 2: Regression with multiple variables -
3. Week 3: Logistic regression -
Machine Learning platform technique HH<7| : SQL, Tensorflow, AWS, BI ii. 3 Z(5.15-5.21) Coursera Machine Learning-Neural Network -

Machine Learning Technique HH<7|: Supervised/Unsupervised/Deep Learning -

software - 1. Week4: Representation -
=7 RIsHA. - 2. Week5: Learning -
d. 6 g: R text mining (M| £ LY 2 E S X7 -
i 13(6.1-6.9) -
ii. 335(6.19-6.24) -
e. 7 @ :Rtext mining (MELIH2 SEX -
i 13(7.3-7.7) -
ii. 3 F(7.17-7.21) R text mining (M| 2L H 2 TSR} -

c. Why? 23 Bigdata ¢ ZHIE @
2. Y82
a. SQL Study (Bt=-Tl) : Big 'Data'| 'Data'E A& St= 240 O
b. Deep Learning Z|Z=(Zd@): ZHE. "Held HEE DAz HoA HEZM
ALK -
i. "http://www.kyobobook.co.kr/product/detailViewKor.laf?ejkGb=KOR&mallGb=KO

=
ot
rx
i
o
i3

1L

R&barcode=9788968487323&orderClick=LAA&Kc= - f. 8 2 : R machine learning -

ii. Matlabcode & R E reverse engineering St= 2S5 A &Y - i.  13%(7.31-8.5) R machine learning(A| 5L S SR -
c. Machine Learning Z2| =2 (Bl ©&) - ii. 3 Z2(8.14-8.18) R machine learning(M| 5L 2 SHHA}) -

i Coursera : Machine Learning Class by Andrew Ng. (Zt 2l) - Tii. 535(8.28-9.1) R machine learning (M| LS EtEHAN -

https://www.courseEra.org/learn/machln.e-lear:nlngJ_ J._ o g 9% : Rmachine Learning -

1. Matlab code 2 R & reverse engineering 8l= Z = & T - . — . . [P

ii. Fast Campus Machine Learning Course - I 3(9.4-9.8) R machine learning (M| LI 2 EEX) -

1. R Text Mining (Z) & ©) - ii. Z=(9.18-9.23) R machine learning (M| & LHH 2 =tEHAH -

2. R Machine Learning (Z+410}) - h. 10 €l: Coursera Machine Learning -
- i - . =
3. Python Programming (St=7%I) - I 1 %(10.2-10.5): FA-F4 -
ii. 3 35(10.16-10.20) : Coursera Machine Learning -SVM -
1. Week6: Advice for Applying Machine Learning/Machine Learning System

Design -
a. 38 - 2. Week7: Supporting Vector Machine (SVM) -
i. 3 3=(3.13-3.17): sQL - i. 11 @l: Coursera Machine Learning/ Python Programming -
ii. 4 35(3.20-3.27): EH HEZ - i 13 (10.31-11.3) Coursera Machine Learning -Clustering/PCA/Anomaly detection -
1. 1 & Al gLl 1. Week8: Unsupervised Learning/Dimension Reduction -
- =N (] =5
5. 2R AlzdTt. 2. Week9: Anomaly Detection (M| 5L Y2 =S X7 -
o —o o
. =
3. 3% O/E AZHYO| B - ii. 3 $(11.13-11.17) -
b. 4% j- 12 @l: Python Programming (N| B LY 2 =EHXIF} -
i 123 (43-47): Sy HAS . i Z(12.4-12.8) -

A N — g .
1. 4XFh MO 2=, ii. Z5(12.18-12.22) 41



keibigdata / PM10study

<> Code (D Issues 0 {1 Pull requests 0 Il Projects 0

PM10study

D 2 commits ¥ 1 branch

; KEIBigdataResearch geocoding.R

B geocoding.R

&) location_info_06.csv

wanr o ks o Y o

Wiki 4~ Pulse lili Graphs

© 0 releases 22 1 contributor

Upload files m Clone or download ~

Latest commit 2a@322f 3 days ago

geocoding.R 3 days ago

stations 3 days ago
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