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1. Atificial neural networks for infectuous diarrhea prediction using meteorological

factors in shanghai

- =# : Wang, Y., Gu, J., & Zhou, Z. (2014). Artificial neural networks for infectious
diarrhea prediction using meteorological factors in Shanghai. In SEKE (pp.
501-506).
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Aol WAL Z1FHse UgkehA w3

=7 ; ECDCOIA 278 A7 A%E EfE Ad4e] td 84 2 93} yEga

o AL AEFOE 715Nt Ayl DA tF oJHEF FoluA F.

e & ) 7] A 7| FRisteke] BA
mosquito-borne disease | - 7] %7} wiZfA|o] A 2]F A= A
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sandfly-borne disease o] 7] A Ej ol €7} oﬂo oS mxch
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. . - AR A AdERbY S HEE
tick-borne disease %}- E] 7ol | 292] ;‘f]‘_g s %4 9 _l:_—r‘é_;zg} =
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plague - B2 ATEs REXNGSY e
rodent-borne disease _ AR o] WA 2, AR
hantavirus oA3Fs =
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water-borne disease T Z)dol ol F s, AgEgol A
drinking water ZFel F ok e =y g
air-borne disease - S5 SRR dde] e
campylobacteriosis | - 7|23 Awrudleie}l A FE Wago
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2. Atificial neural networks for infectuous diarrhea prediction using meteorological

factors in shanghai

- =# : Wang, Y., Gu, J., & Zhou, Z. (2014). Artificial neural networks for infectious
diarrhea prediction using meteorological factors in Shanghai. In SEKE (pp.
501-506).
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- National disease supervision information management system

dlole =4 - shanghai  meteorological = bureau of «city environmental

meteorological center
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geographical information system

- &4 : Akil, L, & Ahmad, H. A. (2016). Salmonella infections modelling in
Mississippi using neural network and geographical information system (GIS). BM]
open, 6(3), e009255.
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MS Salmonella Percent by Districts
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Scrub typhus
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i) P renal syndrome
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Vibrio vuilnificus sepsis
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Metecrological factors
Diseases Average Maximum Minimum : = Pt
temperature temperature temperature i ARy paeion

Scrub typhus <0024 0010 <0041 0.054 =0.306
HFRS 0,09 -0.062 <0101 0040 =352
Lepiospirosis 0.153 0182 0.144 0261 =0.174
Malaria 0.881" 0.B45° asz [11= 2 0.966"
V. vuinificus sepsis 0.697" 0673 0.725" 084" 0.656

Each valus is the Pearson's cormalation coefficiant between the number of cases and monthly mean value of metearoiogical facior.
HFRS: hemormagic fever with renal syndrome.
*p=0.05.
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